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In the article, a problem of prediction a user's psychological response to the presented 

image is considered. A complex algorithm that solves proposed problem with respect to 

fuzzy input data which operates in real time is proposed. 

A classification problem for each particular user based on previously generated content 

by the user using a set of algorithms including machine learning algorithm is considered. 

Due to a huge amount of variety in possible input data and it’s complexity algorithms that 
reduce fuzziness are considered. In order for a prediction system to understand and learn 

from data it has been provided, it has to be prepared in such a way that the algorithm 

could more easily find patterns and inferences. For that purpose, all incoming data passes 

two additional steps which also allows the system to neglect fuzziness.  

At the first step, the software has to definitely determine a presence of the desired object 

(face, in the article) which must be done fast enough to be made in a time of presenting the 

picture to a user and it must be stable to data fuzziness. In order to solve that problem his-

togram of oriented graphs is considered. Because of its nature, the algorithm solves a prob-

lem in comparatively fast and robust way. At the second step, the face landmark estimation 

algorithm is considered. It allows the system to reduce the number of patterns that have to 

be learned in order to predict the behavior reducing the number of such patterns by nar-

rowing down the two-dimensional transform of the object. 

The last step, prediction, is implemented with an artificial neural network that embraces 

incoming object and determines user’s resolution based on its experience. Such algorithm 

____________________________________________________ 

   . .,  . .,  . ., 2018 
 



 ISSN 2074-5893      .   18 
 

 77 

allows the system to keep learning throughout its life cycle which leads to constant im-

provements in its results. The proposed algorithms complex was implemented. High speed, 

fuzziness resistance, independence of external conditions can be considered as its ad-

vantages. Slow learning cycle can be considered as its main disadvantage. Tests’ results 
provided in the article. 

Key words: artificial neural network, method of reverse error propagation, anthropo-

logical points, histogram of oriented gradients, convolutional neural network, forecasting. 
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